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5.1 Electoral Fairness and Informed Political Choice

Controversial Content Moves Faster than Credible Political Content: Social media algorithms 

across most platforms often privilege emotionally charged, polarising, or high-engagement 

content over policy-oriented information. This shifts voter attention away from substantive 

candidate evaluation toward signals like repetition, popularity, and virality. 

Additionally, observers also state that most political information originates on X and is then 

disseminated across other platforms like TikTok and Facebook, raising questions around content 

authenticity. Consequently, actors observe that they occasionally avoid sharing content because 

of the di�culty of the source or the originator's agenda, for instance, whether it is paid for or 

propaganda material.

Non-critical content crowds out fact-based, policy-heavy conversations online: Once narratives 

gain traction, they are recycled across platforms, narrowing diversity and undermining informed 

political choice. Fact-based posts are often suppressed because they are not emotional or 

controversial enough. This phenomenon holds real democratic danger. For instance, in Tunisia, 

some electorates often make decisions based on what others share rather than deep research on 

candidates.84

5.2 Political Equality, Inclusion, and Voice

Algorithmic systems interact with pre-existing inequalities in language, literacy, gender, and digital 

access. While local languages and audio content increase participation for some, they also enable 

exclusionary political messaging. For instance, local languages can be used to hide information 

and promote hate speech. Additionally, marginalised communities and groups, e.g. women, PWDs 

and low-income households, also face even more severe exclusion. For instance, grassroots 

communities without smartphones or stable internet are already disadvantaged by the algorithm. 

Gender gaps in voter registration and representation further amplify these inequities.

“If a political actor insults someone, that message will be repeated many times. But when 
they explain policies or health plans, that part is buried.” 

- Digital Rights Defender, Côte d’Ivoire

“Social media is mostly used for slinging matches, not helping voters understand real 
political choices.”

- Digital Governance Specialist, Namibia

84 Pan African FGD deliberations, 2025
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5.3 Sovereignty, Foreign Influence, and Platform Control

Online electoral conversations are sometimes shaped by cross-border narratives, and automated 

content over which African governments have limited oversight. For instance, digital operatives 

under the control of political parties/actors often influence voters subjectively. For instance, an 

evaluation of the impact of tweets in African elections found that 53% of key influencers on African 

polls were outside those specific countries, with 54% of these outside actors coming from outside 

Africa. Of the outside-Africa group, 33% came from the USA and 15% from the UK.85   

In Angola 2 out of 5 media handles driving discourse on elections were non-domestic, while in 

Liberia’s own influencers did not feature at all in the top ten  influencers in their own elections while 

influencers based in Equatorial Guinea were 5th most influential on their own elections as well with 

actors based in the USA dominating 19.9% and Spain 15.7% digital influence on the country’s 

polls.86

  

The use of Artificial intelligence in the generation of political messaging is also becoming rampant. 

When content is generated by artificial intelligence, it becomes very di�cult to trace responsibility. 

Digital platforms also largely deprioritise African elections, while local actors adapt using informal 

infrastructures or coded communication, weakening national control over electoral information. 

5.4 Long-Term Risks of Social Media Algorithms to Democratic Trust in Africa

Exposure to misleading, unverifiable, or manipulated political messages erodes trust in institutions 

and can easily evolve into peer-network reliance, disinformation loops, and voter apathy, 

heightening post-election tension. Observers point out key critical threats, including:

• Digital Political Operatives for Hire: Political actors normally purchase digital influence, paying 

operatives to promote specific messages. These operatives frequently resort to all available 

means, including unethical interventions, to advance their candidate.

• Candidate Washing: This tactic involves digital operatives implanting a specific, often positive, 

image of a candidate in voters' minds. Over time, voters may discover that the 'clean' or 

‘competent’ candidate they elected does not live up to the initial perception. Candidate 

washing is closely related to computational propaganda, in which operatives assemble social 

media, autonomous agents, algorithms, and big data to manipulate public opinion.87 88    

• Algorithm-facilitated  Disinformation: This is where algorithms push a narrative suggesting 

that a candidate will win or lose an election. This can have negative implications, e.g. 

discourage potential supporters of the respective candidate being pushed as the loser or force 

the hands of undecided voters to vote for the one being pushed as the potential winner.89

• Algorithm-facilitated Disinformation: Even in cases where false messages are unintentional, 

they are still fanned by algorithms  while  corrections to such messages are circulated a lot 

more slowly, hence enabling unintended damage.

85 Portlands. 2018. How Africa Tweets. Available here 

86 Portlands. 2018. How Africa Tweets. Available here

87 Woolley, Samuel C., and Philip N. Howard (eds), Computational Propaganda: Political Parties, Politicians, and Political Manipulation on Social Media, Oxford Studies in Digital Politics (New York, 

2018; online edn, Oxford Academic, 22 Nov. 2018), Available here

88 Spiller, L.D., Bergener, J. 2011. Branding the Candidate: Marketing Strategies to Win Your Vote. Available here

88 López-López, P. C., Barredo-Ibáñez, D., & Jaráiz-Gulías, E. (2023). Research on Digital Political Communication: Electoral Campaigns, Disinformation, and Artificial Intelligence. Societies, 13(5), 

126. Available here 
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From Evidence to 
Action: Governing 
Algorithmic Power

6.
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6.1 Responsibilities of Governments and Electoral Management Bodies

Overall, African governments and electoral bodies remain reactive. Existing systems are either 

inadequate or ine�ective in addressing complex algorithmic issues such as political 

microtargeting, AI-generated content, or digital campaign finance. Digital policy practitioners 

emphasise the need for updated laws, clear mandates, and technical capacity for monitoring 

digital electoral risks. Specific high-impact actions include: 

• Reviewing legal and regulatory frameworks to address political micro-targeting.

• Greater involvement of electoral management bodies (EMBs) in digital awareness on election 

campaigns; electoral bodies mostly send procedural information, not political content.

• Governments should build legislative frameworks and functional capabilities to regulate AI use 

on social media e�ectively.

• Mandatory inclusion of trained social media monitors in the electoral process.

• Greater transparency and reporting on campaign spending per political party during election 

cycles, with clear categorisations of spending on social media, is also a fitting recommendation.

• Mandatory transparent campaign finance reporting, including clear disclosure of social media 

expenditures by political parties.

6.2 Obligations of Social Media Platforms

Most social media platforms fall short on moderation in local languages, transparency on political 

ads, and data access. Design interventions, fact-checks, labelling, and context metres can improve 

fairness without restricting expression.

• Integrating a fact-check button into viral political videos would provide content verification 

without limiting freedom of expression.

• Closely monitor messaging apps, e.g., WhatsApp, Telegram and Messenger. Experts note that 

the highest flow of fake videos and images occurs on these platforms during elections.

• Enhance the technical and contextual capabilities of internal fact-checking tools to capture the 

diverse languages and cultures across Africa, e.g., by hiring more local talent to train key 

fact-checking models and interpret contextual nuances.

• Prioritise the disclosure and publication of political ad spending and micro-targeting data to 

help users make political decisions.

6.3 Regional and Continental Governance Pathways

Due to the multifaceted nature of social media algorithms, national regulation alone is insu�cient. 

Regional coordination can develop shared norms, pool expertise, and strengthen Africa’s leverage 

with global platforms. Involvement by the African Union (AU), regional bodies (RBs), and regional 

economic communities (RECs) such as ECOWAS, EAC, SADC, and IGAD is key in fast-tracking AI 

and platform regulations in Africa. 
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6.4 Role of Civil Society, Media, and Independent Researchers

Civil Society Organisations (CSOs), media, and researchers are core to mediating social media 

monitoring, awareness, and evidence generation, but are limited by platform access and uneven 

support. Awareness campaigns in local languages can address algorithmic bias, although many 

civil society actors in Africa, researchers and journalists remain locked out of platform data 

themselves.

6.5 Priority Policy Recommendations

African digital policy experts emphasise transparency, accountability, and capacity building and 

interventions that address structural failures rather than placing responsibility solely on individual 

users. Technological solutions were proposed to compensate for platform underinvestment in 

Africa; other critical levers include human-centric governance, local moderation, and disclosure 

requirements.  Our study thus proposes key  policy directions for addressing the impact of social 

media algorithms on voting in Africa, focusing on a mix of technological, regulatory, and 

human-centric approaches:

Technological and Content Governance Solutions:
• Pragmatic use of AI in Moderation: Given the unlikelihood of platforms significantly increasing 

human moderation, locally developed AI tools trained on relevant languages and contexts 

could help bridge content moderation and verification gaps. However, this approach requires 

careful design and human oversight to mitigate risks such as the inability to interpret nuance, 

susceptibility to manipulation, and lack of accountability.`  

• Integration of Culturally Competent Moderation: E�ective platform governance demands 

cultural expertise. Increasing awareness and intentional moderation in local languages is 

crucial. Moderators must understand local political context, linguistic nuance, and social 

dynamics. Platforms' reliance on automated systems and outsourced, context-unaware 

moderation leads to systemic failures that necessitate structural changes in how content 

governance is resourced.

• Technological Inclusivity: Integrating real-time, AI-driven translation tools into platforms could 

enhance accessibility across language barriers. Nevertheless, translation alone does not 

resolve the underlying issue of algorithmic prioritisation, which still favours dominant 

languages. Furthermore, these tools risk distorting political meaning due to challenges in 

contextual interpretation.

Regulatory and Transparency Measures:
• Levelling the Playing Field in Political Advertising: Regulatory interventions, for example 

capping or banning political ads on digital platforms, could reduce the financial advantage 

wealthy candidates and parties hold in algorithmic environments, where visibility is increasingly 

tied to financial resources. Implementing such restrictions, however, faces challenges across 

global platforms operating in diverse regulatory jurisdictions.
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• Enhanced Transparency: Rebuilding trust requires transparency in political advertising, 

including clear disclosures by social media platform owners about who is paying for the ad. 

Additionally, political content should include explicit information about the intended audience.

Governance and Collaboration:
• Adoption of a Human-Centric Approach: A fundamental shift towards a human-centric model 

for digital governance is recommended. This places human security, data privacy and human 

agency at the heart of digital innovation. 

• Deepened Collaboration: Ongoing engagement and collaboration between digital platforms 

and electoral bodies are essential. This includes capacity building for electoral bodies to 

understand platform campaign dynamics and emerging innovations.

Conclusion: Reclaiming Democratic 
Agency in the Algorithmic Age
Social media algorithms are transforming how voters participate in elections, how candidates 

compete, and how trust is built across Africa. However, without proper oversight, these platforms 

can exacerbate inequalities, undermine sovereignty, and threaten legitimacy. Although social 

media is generally beneficial for electoral campaigns, for example, by supporting policy 

discussions, particularly among young and emerging actors, and by providing spaces for diverse 

opinions that promote democracy and fairness, it also presents significant risks, such as 

compromising electoral integrity, enabling voter manipulation, and hindering democratisation. 

Social media algorithms, which control what viewers get to see, are the Achilles' heel; they 

influence political exposure whether users are aware of it or not.

Strategic Directions for Policy and Research
Long-term investments in public digital competence, regulatory reform, and independent research 

are essential. Algorithmic literacy and evidence-based policymaking are foundational. Social 

media users need awareness to counter the algorithm’s influence. Additionally, people first need 

to understand what an algorithm is.  Public education and awareness on social media algorithms 

should be prioritised across all ages and voter groups. 
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Glossary of Terms

Algorithm: The behind-the-scenes rules social media platforms use to decide which posts show 

up on your screen. They are usually designed to keep users clicking and scrolling.

Baseline: A normal, everyday starting point used for comparison. In this study, we used regular, 

non-political accounts as a "baseline" to see how much political content gets pushed to average 

users.

Coe�cient: A number that shows how strongly two things are linked. A "negative" coe�cient 

means that as one thing goes up, the other goes down (for example, the more factual a post is, 

the fewer views it gets).

E�ective Visibility: A custom score showing how far a post actually spreads across the internet 

based on how political it is.

Engagement: A measure of how much people interact with a post, calculated by counting likes, 

shares, retweets, and comments.

Gini Coe�cient: A score that measures inequality. In this report, a high Gini score means that a 

tiny handful of accounts are grabbing almost all the attention, leaving everyone else essentially 

invisible.

Impressions: The total number of times a post appears on people's screens, even if they just 

scroll right past it without reading.

IRR (Incidence Rate Ratio): A multiplier that shows how much a specific feature boosts or hurts a 

post's reach. For example, an IRR of 2 means a post gets twice as many views.

Mean Collection Latency: The average amount of time it takes for a post to go from being 

published to getting picked up by the algorithm and going viral.

Negative Binomial Regression: A statistical tool used to analyse numbers that vary wildly, like 

how most posts get 10 views, but a few get 100,000.

P-Value: A statistical measure showing how likely the observed results occurred by chance if 

there is no real e�ect. It ranges from 0 to 1, with p-values below 0.05 commonly considered 

statistically significant.

Political Score: A measure of how much political content is heavily stu�ed into a user's everyday 

feed.

Sentiment Analysis: Using computers to read the mood or emotion of a post. For example, 

negative sentiment means the computer flagged the post as angry, critical, or fearful.

Topic Score: A measure of how deep, factual, or specialised a post is (as opposed to just being a 

quick, emotional reaction).

Zero-Shot Models: Smart AI tools that can instantly categorise text, like spotting whether a post 

is political or angry, without needing humans to teach them the di�erence first manually.
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Annexes
Annex I: Supplementary Tables and Figures

Negative Binomial Regression: Factors Influencing Impressions in Kenya

Term

(Intercept)

log1p(engagement)

is_political Political

Topic Score

Neutral Sentiment

Negative Sentiment

is_political Political: Neutral Sentiment

is_political Political: Negative Sentiment

Estimate

6.203

0.811

-0.534

-0.631

0.194

0.110

0.296

0.108

Std Error

0.086

0.005

0.061

0.078

0.047

0.044

0.069

0.065

Statistic

71.78

157.47

-8.80

-8.10

4.16

2.48

4.29

1.66

P Value

0.000

0.000

0.000

0.000

0.000

0.013

0.000

0.097

CI Low

6.024

0.800

-0.653

-0.789

0.102

0.022

0.160

-0.020

CI High

6.384

0.823

-0.415

-0.476

0.285

0.195

0.431

0.235

IRR

494.061

2.251

0.586

0.532

1.214

1.116

1.344

1.114

Negative Binomial Regression: Factors Influencing Impressions in Nigeria

Term

(Intercept)

log1p(engagement)

is_political Political

Topic Score

Neutral Sentiment

Negative Sentiment

is_political Political: Neutral Sentiment

is_political Political: Negative Sentiment

Estimate

6.144

0.770

0.056

-0.808

0.467

0.344

-0.180

-0.390

Std Error

0.087

0.004

0.065

0.085

0.051

0.049

0.074

0.071

Statistic

70.334

176.284

0.863

-9.558

9.177

7.040

-2.433

-5.517

P Value

0.000

0.000

0.388

0.000

0.000

0.000

0.015

0.000

CI Low

5.967

0.761

-0.072

-0.982

0.367

0.247

-0.326

-0.529

CI High

6.323

0.779

0.185

-0.637

0.567

0.439

-0.035

-0.251

IRR

465.905

2.160

1.058

0.446

1.596

1.411

0.835

0.677

Negative Binomial Regression: Factors Influencing Impressions in Namibia

Term

(Intercept)

log1p(engagement)

is_political Political

Topic Score

Neutral Sentiment

Negative Sentiment

is_political Political: Neutral Sentiment

is_political Political: Negative Sentiment

Estimate

7.058

0.682

-0.060

-0.767

0.275

0.113

0.107

-0.021

Std Error

0.243

0.012

0.174

0.218

0.135

0.127

0.195

0.183

Statistic

29.065

59.070

-0.346

-3.515

2.029

0.885

0.549

-0.116

P Value

0.000

0.000

0.730

0.000

0.042

0.376

0.583

0.908

CI Low

6.574

0.661

-0.401

-1.229

0.003

-0.144

-0.278

-0.383

CI High

7.559

0.704

0.283

-0.323

0.535

0.354

0.489

0.338

IRR

1162.614

1.979

0.942

0.464

1.316

1.119

1.113

0.979
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Negative Binomial Regression: Factors Influencing Impressions in Uganda

Term

(Intercept)

log1p(engagement)

is_political Political

Topic Score

Neutral Sentiment

Negative Sentiment

is_political Political: Neutral Sentiment

is_political Political: Negative Sentiment

Where: 

• µ is the expected number of Impressions. 

• Political is a dummy variable (1 for Political, 0 otherwise). 

• β_5 represents the interaction e�ect, capturing how the “Political Tax” shifts based 

on post sentiment.

Estimate

5.115

0.939

-0.245

-1.101

0.345

0.122

-0.182

-0.003

Std Error

0.110

0.006

0.076

0.104

0.057

0.055

0.086

0.082

Statistic

46.645

146.723

-3.227

-10.552

6.040

2.202

-2.107

-0.039

P Value

0.000

0.000

0.001

0.000

0.000

0.028

0.035

0.969

CI Low

4.891

0.925

-0.393

-1.320

0.232

0.012

-0.351

-0.165

CI High

5.343

0.954

-0.095

-0.886

0.455

0.229

-0.013

0.158

IRR

166.547

2.559

0.783

0.332

1.411

1.130

0.834

0.997

Special Note: The negative binomial regression model is specified as:

log(µ) = β_0 + β_1 log(1+Engagement) + β_2 Political + β_3 TopicScore + 

β_4 Sentiment + β_5 (Political×Sentiment) + E
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